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3.1 training, testingE 2l dataset MH

3.2 scene text image0l| CHst CRNN2| XiAf|st MH
- VGG-VeryDeep 3,485 max pooling0A-{= 1x2At0|= pooling window At

Type Configurations |
Transcription -
Bidirectional-LSTM #hidden units:256
Bidirectional-LSTM #hidden units:256
Map-to-Sequence -
Convolution #maps:512, k:2 x 2, s:1, p:0
MaxPooling Window:1 X 2, s:2
BatchNormalization -
Convolution #maps:512, k:3 x 3, s:1, p:1
BatchNormalization -
Convolution #maps:512, k:3 x 3, s:1, p:1
MaxPooling Window:1 X 2, s:2
Convolution #maps:256, k:3 x 3, s:1, p:1
Convolution #maps:256, k:3 x 3, s:1, p:1
MaxPooling Window:2 X 2, s:2
Convolution #maps:128, k:3 x 3, s:1, p:1
MaxPooling Window:2 X 2, s:2
Convolution #maps:64, k:3 x 3, s:1, p:1
Input W x 32 gray-scale image

we adopt 1 x 2 sized rectangular pooling windows instead of the conventional squared
ones. This tweak yields feature maps with larger width, hence longer feature sequence.
For example, an image containing 10 characters is typically of size 100 x 32, from which
a feature sequence 25 frames can be generated.
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Wang et al. [341] X x x v -
Mishra et al. [2%] X X X X -
Wang et al. [35)] X v Xx v -
Goel etal. [13] X X v X -
Bissacco et al. [%] X X X v -
Alsharif and Pineau [6] X v Xx v -
Almazin et al. [5] X X v X -
Yao et al. [16] X x x v -
Rodrguez-Serrano et al. [30] X X ¢ X -
Jaderberg et al. [27] X v X v -
Suand Lu [37] X x v Vv -
Gordo [14] X X Xx X -
Jaderberg et al. [22] v v v X 490M
Jaderberg et al. [21] v v Vv v 304aM
CRNN v v v v 83M
E2E Train
- end to end EH0| E|=7f?
Conv Ftrs
- Convolution 7|52 A& AFRSH=7}? (X handcraft)
CharGT-Free
- Character-level annotation@ 2 2E{ XIRZ27}?
Unconstrained
- lexicon 2|2| GO O|=0| 7t55H7f?
Model Size
- @Elo| AjO|=
TS5k SVT 1C03 IC13
50 1k None 50 None 50 Full 50k None None
ABBYY [34] 243 - - 35.0 - 56.0 55.0 - - -
Wang et al. [11] - - - 57.0 - 76.0 62.0 - - -
Mishra et al. [25] 64.1 575 - 73.2 - 818 67.8 - - -
Wang et al. [15] - - - 70.0 - 90.0 840 - - -
Goel et al. [17] - - - 77.3 - 897 - - - -
Bissacco et al. (5] B . - 904  78.0 - - - - 87.6
Alsharif and Pineau [6] - - - 743 - 93.1 886 851 - -
Almazin et al. [5] 91.2 821 - 89.2 - - - - - -
Yao et al. [36] 80.2 693 - 75.9 - 885 803 - - -
Rodrguez-Serrano et al. [30] 76.1 574 - 70.0 - - - - - -
Jaderberg et al. [23] . - - 86.1 - 962 915 - - -
Su and Lu [33] - - - 83.0 - 920 820 - - -
Gordo [14] 933 866 - 91.8 - - - - - -
Jaderberg et al. [22 97.1 927 - 954 80.7* 98.7 986 933 93.1* 90.8*
Jaderberg et al. [21] 955 89.6 - 93.2 71.7 97.8 970 934 89.6 81.8
CRNN 976 944 782 96.4 808 987 976 955 894 86.7
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